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Figure S1: Map of Europe showing the locations of the four case-study catchments (1) Lake Malaren
in Sweden, (2) Zwalm in Belgium, (3) Oslo Fjord in Norway and (4) Arges in Romania (after Burdon et
al. (2020).
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Figure S2. Model simulations for Scenarios 1-6 for grassland with residences (a), agriculture (b) and
forest (c) with current conditions (CS), current conditions for grassland, agriculture and forest-
dominated land use (G-CS, A-CS, F-CS, respectively).
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Figure S3. lllustration of a diagnostic inference (a) and predictive inference (b).
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Figure S4. BBN model at Scenario 3 (a) and 4 (b) for grassland with residences land use.



Supporting information Tables

Table S1. Confusion matrix of the model validated with the Romanian dataset.

Predicted

Bad Moderate Good Actual

0 0 0 Bad

0 1 1 Moderate

1 0 24 Good
Table S2. Confusion matrix of the model validated with the Belgian dataset.

Predicted

Bad Moderate Good Actual

16 0 1 Bad

2 5 2 Moderate

0 0 7 Good

Table S3. Confusion matrix of the model validated with the Norwegian dataset.

Predicted

Bad Moderate Good Actual

0 0 3 Bad

0 1 2 Moderate
0 1 25 Good

Table S4. Confusion matrix of the model validated with the Swedish dataset.

Predicted

Bad Moderate Good Actual

0 0 1 Bad

0 1 5 Moderate

0 0 22 Good
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